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DID YOU KNOW?

B2B sales made on credit

Value of receivables past due

Receivables remaining past due after 90 days

Value of receivables lost when not paid within 90 days
Value of receivables written off as bad debt

Average DSO increased (from ~35) to

» The most common credit management techniques
used in Europe are manual assessment of the
customers’ creditworthiness and dunning letters

» The hardest hit by late payments from B2B customers
is the wholesale/retail/distribution sector

US, Mexico & Canada Western Europe
52.6% 60.4%
25.3% 28.9%
5.2% 4.6%
51.9% 35.0%
3.2% 2.2%
48 Days 50 Days

Of collections budget wasted because of
poor portfolio definition and segmentation

Of credit departments do not have adequate
staff to manage workload

Of time spent on gathering
information and prioritizing
activities for collection
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Data Flow

Model is created in Azure Marketplace - Python ML l-”‘l Visualization is done on Power Bl or SAC

["gma S
i ioti i - where prediction results and insights on
library for prediction and assignment of ranking for \‘

each overdue invoice based on chances of recovery. historical/current data can be analyzed

Visualization

Import and Save Data Manipulation Split data into
Data in Azure & Preparation, Training and Build ML Model Publish Model for
Table Storage / Feature Selection, Testing Datasets using Python /R consumption
SQL DB Scale and Reduce

I
BW on HANA / Azure SQL DB/
Non SAP

Invoice and Customer specific
features are taken as input to analyze -
historical payment behavior In

Navigate your next

=y Account Receivables Source Data can be taken
=2 from ECC / S4HANA or BW / BW4HANA or any
Non-SAP or Cloud based platforms like Azure




Azure Architecture

Microsoft AZURE
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olution Implementation

¢ |[nvoice No

¢ |nvoice Status

e Customer

¢ Posting Date

¢ Payment Due Date

e Actual Payment Date

Invoice 5 ;
¢ Days to Pay
Factors as ¢ Days Taken for

Input Payment
e Payment Late By
e Overdue By
e Risk Class
e AR Amount

Invoices with Overdue Amount >
S5000 are considered for input.

Apply ML
Algorithm

Data

Cleaning
and
Wrangling

Predict ranking
based on chances
of recovery

Predicted Ranking for collection

prioritization

Invoice No
199916683
189915172
199915174
2199908784
199902742
199928185
2199917143
189928550
199913811
199916502
199918049
199902449
199906591
189930167
2199918201
1499903771
199930178
1499903775
1499910238
219949075818
2199909290

Customer Gross AR Amount Predicted
50770 36,487.85
46703  6,023.24
46703 5,514.55
40978 50,940.05
52819 513376
38264 5,506.45
40978 2342423
47861 7,139.00
48460 946721
50591  5,014.20
51843 6,602.92
52306  6,150.90
42484 25,850.49
54344 7,151.86
40978 5,709.18
51843 2993027
54422 7,527 88
51843 10,683.29
37996 553145
41248 579726
37921 504581



Solution Output — Dashboard

Total imvoices Armount Amount

Open Invoices
-

89392 $28,904,103.87 15212  $14418567.48

Overdue Invoices
il

6661

$7.251,783.48

Armount

2284

Recovered Invoices
il

=}

Amount

91

$3,337,127.86

Recovery % (Rank 1 & 2))

Top 5 customers by overdue amount Fﬂuerdue Amount by days A Top 5 customers by recovered amount
$1.2M Amount
M +1.0M $70,901.45
40978 80 $851,029.18 5 497296 2 §42 449.67
37921 5 §96,345.67 n 2M h y 50450 1 §20,682.33
s : 3153849 o -
80 100
) \ “:l'-'erdur days .
Overdue Amount by Predicted Rank Recovery Amount by Predicted Rank
9.05% (0.04%) — 4T1% (4.7%) —
Predicted Rank Predicted Rank
- 34.41% (34.37%) el L Y
18.07% (18.95%) — ez 24.91% (24.88%) —- oo
o4 3
LE o4
g “— 66.55% (66.47%) o

33.60% [33.65%) —

Owerdue Amount Predicted Rank Recovery Amount
$2. 495 150.66 1 $2.220,725.92
$2 443 056.57 2 £831,354.82
$1,375,575.49 4 $157.131.96

$721,42527 3 !6123 40629
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2250174



Business Benefits

4 )
Revenue Assurance
4 R
_ _ . . Customer Risk Classification
With this Solution, business
is able to improve revenue Classification of 7000+
collection by 30% YoY. customers, as per Risk
\_ y, based Ranking Prediction
. J

( )
Accuracy
This solution is able to A
prioritize overdue Payment Terms
invpices ﬁor recovery Identification of 1000+
. it 91/’ S y, customers for negotiation of
more suitable terms for
payment and delivery. J

-



askus@infosys.co
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