
 

EGIRA on Azure (with Microsoft Fabric) 
Executive Summary 

EGIRA—Minfy’s Enterprise General Intelligence Reference Architecture—unifies data, 
AI models, and autonomous multi-agent systems to create an “AGI adviser to the CEO” 
that accelerates decision-making and drives enterprise value. This white paper translates 
EGIRA into an Azure-native blueprint leveraging Microsoft Fabric. It details a layered 
architecture, prescribes Azure services (including Microsoft Fabric’s OneLake, Synapse, 
Data Factory, Power BI, and the broader Azure AI stack), and provides a step-by-step 
implementation methodology aligned with Azure’s well-architected guidance and 
Responsible AI principles. The result is a scalable, secure framework for building 
enterprise-grade generative AI solutions tightly integrated with the Microsoft ecosystem 
(Azure OpenAI, Microsoft 365 Copilot, Power Platform, etc.), enabling organizations to 
harness data-first intelligence with agentic automation. 

EGIRA Framework Essentials 

EGIRA comprises three synergistic pillars that collectively enable an enterprise AGI 
platform on Azure: 

• Unified AI Framework – A harmonized data foundation exposed through a 
semantic layer (knowledge graph and vector search). 

• Agentic AI Framework – Goal-driven autonomous agents coordinated by an 
orchestration layer and empowered by Large Action Models (LAMs) – i.e. large 
language models with tool-use capabilities. 

• Agent Control Framework – Security, governance, and Responsible AI guardrails 
that close the human-AI loop for safety and compliance. 

These pillars rest on an Enterprise Twin that mirrors people, processes, and IT assets, 
enabling safe experimentation and continuous learning in a virtual replica of the 
organization. Together, these components ensure that data is unified and contextual, AI 
agents can act autonomously with oversight, and all actions are governed by enterprise 
policies. 



 

 

Azure-Aligned Reference Architecture 

The diagram below maps EGIRA’s conceptual layers to primary Azure services and 
highlights the key design goals achieved at each layer: 

EGIRA Layer Primary Azure Services Key Design Goals 
Data 
Harmonization 

OneLake (Azure Data Lake via Fabric), 
Azure Data Factory (or Synapse 
pipelines), Azure Synapse (Lakehouse 
& Data Warehouse), Microsoft Purview 
(governance) 

Unified lakehouse storage, 
schema discovery, fine-
grained data governance. 

Semantic / 
Knowledge 
Graph 

Azure Cosmos DB (Gremlin API), Azure 
Cognitive Search (semantic & vector 
index), Microsoft Purview (catalog) 

Ontology store, graph 
queries, vector-based RAG 
(Retrieval Augmented 
Generation for context). 

Context-Aware 
Connectors 

Azure API Management, Azure 
Functions (or Logic Apps), Azure Event 
Grid, Azure Service Bus, Power 
Automate (low-code SaaS connectors) 

Real-time ingestion, event 
normalization, integration 
with SaaS and Microsoft 
365 services. 

AI Agent 
Orchestration 

Azure OpenAI Service (GPT-4, ChatGPT 
models), Microsoft Copilot stack 
(Semantic Kernel), Azure Functions / 
Durable Functions (workflow 
orchestration), AKS / Container Apps 

LAM execution (LLMs with 
tool plugins), multi-agent 
workflows, scalable 
microservices for agents. 
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EGIRA Layer Primary Azure Services Key Design Goals 
(agent hosting) 

Model Ops / 
Fine-Tuning 

Azure Machine Learning (ML pipelines, 
model registry), Azure OpenAI Fine-
Tuning, Azure Databricks (if needed for 
custom model training) 

Continuous training, fine-
tuning with enterprise data, 
model evaluation and 
packaging. 

Enterprise Twin Azure Digital Twins, Azure IoT Hub & 
IoT Edge, Azure Data Explorer (time-
series), Azure Event Hubs (telemetry 
ingestion) 

Real-world process 
telemetry, digital twin 
simulations for scenario 
testing. 

Agent Control 
Framework 

Azure AD & RBAC, Azure Key Vault, 
Azure Policy & Purview (data 
governance), Azure Monitor & Log 
Analytics, Microsoft Defender for 
Cloud, Azure OpenAI content filters 

Zero-trust identity, 
encryption and key 
management, audit trails, 
threat detection, 
bias/toxicity filtering, policy 
enforcement. 

Observability & 
AI-Human Loop 

Azure Monitor (Application Insights, 
Log Analytics), Azure OpenTelemetry, 
Power BI (dashboards), Teams/Email 
Alerts (via Logic Apps) 

Real-time KPIs, traceability 
(distributed tracing for 
agents), model 
performance dashboards, 
human feedback 
integration. 

DevSecOps & 
IaC 

Azure DevOps / GitHub Actions (CI/CD 
pipelines), Bicep/ARM or Terraform 
(IaC), Azure Security Center/Defender 
(security scans) 

Repeatable, compliant 
deployments, automated 
testing, continuous security 
and monitoring. 



 

 

 

 



 

 

Figure: EGIRA layered architecture on Azure – mapping each layer to Microsoft Fabric and 
Azure services to achieve a unified, intelligent, and governed AI platform. 

Implementation Methodology 

To realize EGIRA on Azure, organizations can follow a phased implementation that 
incrementally builds capabilities: 

Phase 0 – Strategy & Readiness: Conduct value-stream mapping to select high-impact 
EGIRA use cases with strong data availability and clear KPIs. Establish a robust Azure 
landing zone: set up enterprise scaffoldings like management groups, Azure Policy for 
governance, and Azure Landing Zone blueprints for a secure, multi-account (subscription) 
architecture. Ensure centralized logging (Azure Monitor) and access management (Azure 
AD) are in place. 

Phase 1 – Data Harmonization: Build a unified data foundation in Azure. Key steps 
include: 

1. Raw Lake Setup: Create a data lake in OneLake (or Azure Data Lake Storage Gen2) 
with designated containers for raw, curated, and analytics zones. Apply default 
encryption-at-rest via customer-managed keys in Key Vault and establish data 
retention policies. 

2. Source Ingestion: Onboard data sources using Azure’s ETL/ELT tools   atch 
pipelines can be built with Azure Data Factory (or Synapse Data Pipelines) to pull 
data from databases, enterprise apps, or external files. Streaming ingestion can be 
handled via Azure Event Hubs or IoT Hub for real-time data, landing streams into 
the lake through Azure Stream Analytics or structured tables. For SaaS sources 
(Salesforce, SAP, etc.), leverage Data Factory connectors or Power Automate for 
low-code ingestion. Ensure Microsoft Purview is registering all data assets. 

3. Schema Discovery: Use Azure Purview Data Catalog to automatically scan and 
profile the ingested data. This builds a unified metadata catalog of data assets, 
schemas, and classifications. Data engineers can also run Azure Synapse Spark or 
Fabric Data Engineering notebooks to profile data quality and consistency. 

4. Transform & Partition: Cleanse and transform raw data into curated formats. For 
example, use Azure Synapse Spark (in Fabric) or Azure Databricks to write 
cleaned data to Parquet/Delta format in curated zones. Partition data (by date, 
business unit, etc.) to optimize query performance. Create a Fabric Lakehouse or 
Synapse SQL Data Warehouse tables on top of curated data for fast analytics 
(leveraging Direct Lake mode in Fabric for direct OneLake querying). 

5. Governance: Enable fine-grained access control and compliance. Microsoft 
Purview provides data classification and tagging (e.g., tag PII, sensitive data) and 
integrates with Azure RBAC to enforce row-level security or masking on sensitive 
columns. Define data retention and data residency policies via Purview and Azure 



 

Policy. This ensures that as data is democratized, it remains compliant with 
regulations (GDPR, HIPAA, etc.). 

6. Semantic Layer: Push harmonized entities and relationships into a knowledge 
graph and index for semantic search. For example, populate Azure Cosmos DB 
(Gremlin) with key business entities and their relationships (ontologies). 
Simultaneously, generate vector embeddings for important text using Azure 
Cognitive Search (which supports vector search) or the Azure OpenAI Embedding 
model; index these in Cognitive Search to enable retrieval-augmented generation. 
This semantic layer will allow AI agents to ground their responses on enterprise 
knowledge with graph queries and similarity search. 

Phase 2 – Context-Aware Connectors: Develop the integration layer that connects real-
time events and external systems into EGIRA: 

• Build and publish API endpoints for external and internal applications to interact 
with EGIRA. Using Azure API Management in front of Azure Functions or Azure 
App Services, create RESTful APIs and WebSocket endpoints that ingest events or 
queries and normalize payloads into a common schema. 

• Configure an event routing bus with Azure Event Grid to propagate important 
business events (e.g. an IoT sensor alert, or a new transaction in an app) to the 
EGIRA system. Event Grid can route events to various handlers, such as Azure 
Functions (for lightweight processing) or Azure Service Bus queues to buffer 
events. 

• Implement a low-code integration for SaaS applications using Logic Apps or 
Power Automate. These connectors can capture events from SaaS (e.g., a 
Salesforce update or an SAP order creation) and funnel them into EGIRA (for 
instance, by dropping messages into Event Hubs or calling an EGIRA API). As events 
come in, enrich them with context IDs (like customer or device IDs) that link to 
graph entities (e.g., map a Salesforce Account to a Cosmos DB vertex). 

• Instrument the connectors for observability. Use Application Insights (part of 
Azure Monitor) to trace the flow of events through Functions/Logic Apps, and track 
metrics such as event throughput and latency on a central dashboard. This 
ensures the “data nerve system” feeding EGIRA is reliable and transparent  

Phase 3 – AI Agent Orchestration & Models: With data foundations in place, develop the 
AI and agent layer: 

1. Foundation Model Selection: Choose appropriate Azure OpenAI models or other 
AI services for each task. For natural language understanding and generation tasks, 
GPT-4 or GPT-3.5-Turbo via Azure OpenAI Service are prime choices. Enable Azure 
OpenAI’s content filtering and abuse detection to enforce basic guardrails  For 
specialized tasks (vision, speech), incorporate Azure Cognitive Services (e.g., 
Vision API, Speech to Text) as needed. 



 

2. Domain Fine-Tuning: Adapt foundation models to enterprise-specific knowledge. 
Use Azure OpenAI fine-tuning (for models that support it, e.g., fine-tune GPT-3.5 
on custom data) or train custom models with Azure Machine Learning. Domain 
experts can provide Reinforcement Learning from Human Feedback (RLHF) data to 
refine model responses. All fine-tuned models are registered in the Azure ML 
model registry for versioning. 

3. Agent Microservices: Develop specialist AI agents as modular microservices. Each 
agent is designed for a specific domain or function (e.g., a Finance insights agent, 
an IoT anomaly detection agent). These can be implemented with frameworks like 
Semantic Kernel or LangChain and hosted on Azure Container Apps or AKS 
(Kubernetes  for scalability  Equip agents with “tools” – e.g., a data agent may have 
read access to the knowledge graph via Cosmos DB, or a task automation agent 
might call the Microsoft Graph API to schedule a meeting. Azure Functions can also 
be used for lightweight agent logic where appropriate. 

4. Large Action Models (Orchestration): Employ an orchestration agent (the 
“manager” agent  that uses a powerful model (e g , GPT-4) to plan and invoke 
other agents  This is EGIRA’s concept of a LAM (Large Action Model) – a central AI 
planner that can break high-level goals into steps and call tools or other agents to 
accomplish complex tasks. In Azure, this can be achieved by using the Azure 
OpenAI with function calling (enabling the model to call specified functions which 
route to agent APIs  or by building a custom orchestrator with Semantic Kernel’s 
Planner  Microsoft’s Copilot stack provides a pattern here: an orchestration layer 
that manages prompts, grounding, and tool usage across the foundational model. 
The orchestrator ensures that the right specialist agent or function is invoked for 
each sub-task while maintaining overall context. 

5. Workflow Orchestration: Use Azure’s workflow services to coordinate multi-agent 
processes and long-running tasks. Azure Durable Functions (an extension of 
Functions) can manage complex orchestrations with state (similar to AWS Step 
Functions), or Azure Logic Apps can visually orchestrate calls between agents, 
handle retries, and parallel execution. Workflow definitions (the business logic 
flows) should be stored in a version-controlled repository (IaC for workflows) or as 
configuration in a database. This layer ties together the various agents into coherent 
end-to-end business processes. 

6. Enterprise Twin Loop: Close the loop with the enterprise digital twin. Connect the 
Azure Digital Twins instance (which represents key assets, processes, and their 
state) to the agent ecosystem. Ingest live telemetry (e.g., IoT sensor data, 
application logs) into the Digital Twin and time-series stores (like Azure Data 
Explorer). Set up event triggers: for example, if a critical KPI in the twin deviates 
from a threshold, Event Grid can trigger a specific autonomous agent to respond 
(e.g., an anomaly-detection agent that analyzes the issue and a remediation agent 
that suggests fixes). This integration allows EGIRA to not only respond to static data 
but to perceive and react to real-world changes in real-time. 



 

Phase 4 – Agent Control & Responsible AI: Implement comprehensive governance and 
safety measures across the stack: 

• Least-Privilege Access: Use Azure Active Directory (AAD) to create separate 
service principals or managed identities for each agent/microservice. Assign 
minimal role-based access control (RBAC) roles needed for their function – for 
instance, the finance agent can read finance data in OneLake but not HR data. 
Leverage Azure AD Conditional Access and Privileged Identity Management for 
just-in-time elevation if agents need any admin privileges (ideally they should not in 
steady state). 

• End-to-End Encryption: Ensure all data at rest is encrypted with enterprise-
managed keys via Azure Key Vault (e.g., use Customer Managed Keys for OneLake, 
SQL, Cosmos DB). Enforce encryption in transit by requiring TLS 1.2+ for all service 
communications. Rotate keys and secrets regularly and manage them through Key 
Vault with proper access policies. 

• Audit & Drift Detection: Enable logging of all critical actions. For Azure resource 
changes and access, turn on Azure Activity Log and route logs to Azure Log 
Analytics (or a SIEM). For AI model usage, use Azure OpenAI’s logging and Azure 
ML telemetry to monitor model inputs/outputs. Implement model drift detection 
using Azure ML’s Model Monitoring capabilities – for instance, compare 
distributions of live input data to training data to detect drift. Also monitor 
predictions for accuracy if ground truth becomes available later. 

• Bias & Toxicity Mitigation: Apply Responsible AI tools both pre- and post-
deployment. Before deploying models, use Azure Machine Learning Responsible 
AI Toolbox (which includes Fairlearn, InterpretML, etc.) to assess and mitigate bias 
in training data and model predictions. During runtime, leverage Azure OpenAI 
content filtering to catch and block toxic or inappropriate outputs from LLMs. If 
using custom models, incorporate content moderation APIs (for text, image, etc.) to 
filter outputs. All prompts and responses can be logged for human review to further 
identify biases or undesirable behavior. 

• Policy-as-Code: Treat governance as code by using Azure Policy and 
Infrastructure-as-Code templates. Define Azure Policy definitions for things like 
data residency (e.g., preventing resources from being created in non-approved 
regions) and tag requirements (to ensure all resources are tagged for ownership and 
data classification). Use tools like Azure Blueprints or Terraform to enforce 
guardrail configurations. Additionally, implement runtime guardrails in code – for 
example, integrate an Open Policy Agent (OPA) or custom validation within agent 
workflows to check conditions (like ensuring an action is allowed by compliance 
rules) before execution. 

Phase 5 – DevSecMLOps & Continuous Improvement: Establish a sustainable 
operational model for ongoing improvement: 



 

• Infrastructure as Code (IaC): Model the entire EGIRA stack (data services, 
networks, access policies, etc.) using IaC tools. Leverage Azure Bicep or ARM 
templates (or Terraform if preferred) to script resource deployment. This ensures 
consistency across environments (dev/test/prod) and enables automated checks 
(for example, using Azure Resource Manager (ARM) what-if or Terraform plan to 
detect drift). Incorporate security scanning of templates (using tools like Azure 
Security Center or third-party scanners) to catch misconfigurations early. 

• CI/CD Pipeline: Set up a DevOps pipeline (using Azure DevOps Pipelines or 
GitHub Actions) to continuously build and deploy changes. For example, when 
code or configuration changes are committed: run automated unit tests and 
security scans (linting, credential scan) in a CI stage; then deploy to a test 
environment. Use deployment strategies like blue/green or canary releases for 
agent services (Azure Web App slots or AKS can help with zero-downtime swap). 
This pipeline covers not just application code but also data pipeline code (Data 
Factory JSON, Spark notebooks) and machine learning pipelines. 

• MLOps: Extend the DevOps pipeline to handle machine learning lifecycle. Use 
Azure Machine Learning pipelines to automate data preparation, model training, 
validation, and registration of models. When a new model version is registered, 
have CI/CD automatically deploy it to a staging endpoint for testing. Only promote 
to production if it meets performance and bias criteria. This closed-loop retraining 
process keeps models fresh and improves them with new data. 

• Feedback Loop (Human-in-the-loop): Implement monitoring and feedback 
mechanisms to continuously refine the system. Build Power BI dashboards that 
track key metrics for each agent (e.g., number of successful tasks, confidence 
scores, turnaround time, user satisfaction ratings). Set up alerts for anomalies – 
e g , if an agent’s error rate spikes or if the model’s performance on key metrics 
drifts. Use Azure Monitor alerts in combination with Logic Apps or Power 
Automate to notify stakeholders via email or Teams when human review is needed 
(similar to AWS Chatbot/Slack, here Microsoft tools can notify in Teams or Outlook). 
This human oversight ensures that when the AI is uncertain or possibly going awry, 
people can intervene, provide feedback, and that feedback is used to correct the 
models or rules (closing the AI-Human-AI loop). 

Performance, Scalability & Cost Optimization 

Designing EGIRA on Azure with efficiency in mind will control costs and ensure scalability: 

• Compute Efficiency: Prefer serverless and spot options where possible. Use Azure 
Spot VMs for non-critical batch jobs or model training in Azure ML to get significant 
cost savings. Utilize Azure Functions consumption plan for event-driven tasks so 
that you pay only for execution time (for constant high-load, consider Functions 
premium plan to avoid cold starts). Containerize agents to run on AKS with cluster 
auto-scaling, or use Azure Container Apps which can auto-scale down to zero for 
idle services. 



 

• Storage Tiering: Implement lifecycle management on OneLake/ADLS data. Store 
recent, hot data in premium SSD tiers or OneLake’s default (hot  tier, then 
automatically move older, less-used data to cool tier or archive in Azure Blob 
Archive Storage after a defined period. This mimics AWS Glacier usage and can 
dramatically cut storage costs for historical data. OneLake shortcuts can also 
virtualize data from other lakes (like AWS S3) without duplicating, which can save 
storage costs when integrating multi-cloud data. 

• Inference Acceleration: Leverage hardware optimizations for AI inference. For 
example, deploy GPT models on Azure’s GPU-accelerated VM families (like NV-
series for GPUs) or use the forthcoming Azure NP-series with AI accelerators when 
available, to reduce latency and cost per inference. Where feasible, convert models 
to ONNX format and use ONNX Runtime to optimize execution on CPU or GPU. If 
using Azure OpenAI for hosted models, consider Reserved capacity or Azure 
OpenAI on your own infrastructure for high-volume usage to get better price 
efficiency. 

• Horizontal Scale: Design the agent orchestration to be stateless and parallelizable. 
Azure Durable Functions can orchestrate thousands of concurrent workflows by 
externalizing state to storage, allowing scalable fan-out/fan-in patterns. Use Azure 
Service Bus and Event Hubs to decouple producers and consumers and buffer 
bursts of events. Azure Kubernetes Service can automatically scale out pods based 
on metrics (e.g., queue length or CPU). These approaches ensure EGIRA can handle 
spikes in agent activity (e.g., 10,000+ simultaneous agent tasks) by scaling 
horizontally across Azure’s global infrastructure  

Industry-Specific Blueprints 

EGIRA on Azure can be tailored with domain-specific services and considerations. A few 
examples: 

• Healthcare: Emphasize compliance and health data insights. Differentiators: 
Incorporate strict audit logging and PHI data de-identification. Azure Services: 
Azure Health Data Services (FHIR and DICOM APIs) for handling patient records 
securely, Text Analytics for Health (Cognitive Service) for medical NLP (extracting 
symptoms, medications), and Azure Purview for classifying sensitive health data to 
meet HIPAA requirements. 

• Manufacturing: Focus on IoT integration and real-time digital twins. Differentiators: 
Real-time equipment monitoring and predictive maintenance. Azure Services: 
Azure IoT Hub (connect factory machines), Azure IoT Edge (run EGIRA agents or ML 
models at the edge on the factory floor for low latency), Azure Digital Twins (model 
factory processes and assets, enabling what-if simulations on the Enterprise Twin). 

• Financial Services: Prioritize security, compliance (e.g., PCI-DSS), and fraud 
detection. Differentiators: Transaction analysis and anomaly detection with strong 
encryption. Azure Services: Azure Confidential Computing (secure enclaves for 
sensitive data processing), Azure Monitor/Sentinel with built-in threat intelligence 



 

for fraud pattern detection, and Azure Anomaly Detector (AI service) to flag 
unusual transaction patterns. All data is encrypted using Azure Key Vault HSM 
keys to meet PCI standards. 

• Media & Entertainment: Enable scalable content analysis and personalization. 
Differentiators: Multimodal AI that handles text, audio, video content at scale. Azure 
Services: Azure Video Indexer (automated video and audio analysis for transcripts, 
face recognition, sentiment), Azure Cognitive Service for Vision (image 
recognition, moderation), Azure OpenAI for caption generation or script writing 
assistance. These allow media companies to auto-tag content and generate 
metadata, feeding into EGIRA’s knowledge to power content recommendations or 
summarizations. 

Future-Proofing EGIRA on Azure 

Looking ahead, aligning EGIRA with emerging Azure innovations ensures longevity: 

• Serverless Gen-AI: Evolve the agent orchestration to be fully serverless for 
millisecond-scale scaling. As Azure Functions and Azure Container Apps continue 
to reduce cold-start times, EGIRA agents can instantiate on-demand with minimal 
latency. Future Azure services may integrate LLMs directly into workflow engines 
(e.g., logic apps with AI steps); adopting those will simplify architecture. 

• Hybrid & Edge Deployments: Azure’s hybrid offerings (like Azure Arc and Azure 
Stack Edge) allow EGIRA to be extended to on-premises or edge environments. This 
enables scenarios such as running the EGIRA stack in data-sovereign regions or 
disconnected environments (e.g., oil rigs, defense sites) while still syncing insights 
back to the cloud. By designing with containerized components and using Arc-
enabled Machine Learning or Data Services, the architecture is portable across 
cloud and edge. 

• Quantum-Ready AI: Prepare for integration with quantum computing as it matures. 
Azure Quantum provides optimization solvers and quantum hardware access 
(IonQ, Quantinuum, etc.). In the future, certain computationally intensive EGIRA 
tasks (like complex scheduling or optimization problems formulated by agents) 
could be offloaded to quantum or quantum-inspired solvers for faster results. By 
keeping an eye on Azure’s quantum services, organizations can be ready to plug in 
these capabilities when they become practical, ensuring EGIRA remains at the 
cutting edge of technology. 

Conclusion & Next Steps 

Mapping EGIRA to Azure and Microsoft Fabric yields a secure, scalable, and fully 
managed path to enterprise-grade AGI capabilities. By following the phased methodology 
presented here, organizations can: 

• Rapidly harmonize previously siloed data into a governed OneLake foundation, 



 

• Orchestrate autonomous agents that act with context and guardrails to augment 
human decision-making, 

• Deliver measurable ROI in operational efficiency and insights, while upholding 
Responsible AI and compliance principles. 

The recommended approach is to start with a focused pilot in a single domain (e.g., 
customer support, finance analytics). Apply Phase 1 and 2 to build the data and integration 
layers for that domain, then introduce a couple of agents (Phase 3). Achieve a quick win, 
such as an internal Copilot that answers employees’ questions using the company’s data  
This success will enrich the Enterprise Twin with new learnings and build confidence. Then, 
expand iteratively—each sprint adding more data sources, more sophisticated agents, and 
deeper automation, thereby compounding intelligence across the business. 

Summary (Key Takeaways) 
• EGIRA’s layered design translates cleanly to Azure’s ecosystem, preserving its 

data-first, agentic AI principles. Microsoft Fabric provides the unified data 
backbone (OneLake, Synapse, Power  I  while Azure’s AI/ML services supply the 
intelligence and orchestration. 

• Core Azure services form the EGIRA on Azure stack: OneLake for a single source 
of truth, Purview for governance, Azure OpenAI for LLM intelligence, Cosmos DB + 
Cognitive Search for knowledge storage, and orchestration via Functions/Logic 
Apps and the Copilot framework. Together, these enable an Azure-native “AGI 
advisor” platform  

• Security and Responsible AI are built-in at every layer. Azure AD, Key Vault, and 
Policy enforce zero-trust and compliance, while Azure’s Responsible AI tools and 
Copilot governance ensure the AI behaves ethically and transparently. 

• Adopt EGIRA incrementally for success: Use Azure’s scalable services to start 
small, demonstrate value (e.g., faster decisions, automated workflows), and then 
scale out. This incremental cloud adoption approach accelerates time-to-insight 
while de-risking the transformation. 

Deploy EGIRA on Azure with Microsoft Fabric today to turn your enterprise’s collective 
knowledge and data into its most strategic competitive advantage. Embrace the fusion of 
unified data, autonomous agents, and cloud-scale AI to empower every decision with 
generative intelligence. 

 


